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Abstract: This study identified length of time out of schaold institutional support
among the factors associated with the decisiomtollen a higher education degree
program. The study suggests that considering jyaation in the context of social capital
can help adult educators better understand enrotiecisions.

Introduction

Adult learners account for almost half of higheueation enroliments in the United
States; and in the next decade, they may exceatuthber of traditional-age college entrants
(Kim, Collins, Williamson, & Chapman, 2004). Thecfars that motivate adults to enroll in
higher education assume more importance as instisiadapt to a changing body of learners.
However, there is an absence of solid data abesetktudents and potential students.

This study identified factors workforce developmprifessionals considered when
deciding to enroll in a degree/licensure prograferefl by the Workforce Development and
Education section at a large Midwestern univerditye study attempted to validate the PRiSM
decision model for adult enroliment, which is basadndicators derived from the literature on
adult participation and retention in higher edumaf(Stein & Wanstreet, 2006).

Specifically, the study explored this primary resbaguestion: What is the factor
structure underlying the decision to enroll in ed@ntialing program in workforce development
and education? A secondary research question wasdtressed: How well does a model
derived from the participation literature explamwhadults make the decision to enroll in a long-
term credentialing program in workforce developmamd education?

Trendsin Participation Studies

During nearly 50 years of study of adult enrollmpatterns, five movements have
emerged that reflect changes in research empAdmadirst movement had a strong occupational
orientation (Houle, 1961; Johnstone & Rivera,196%]) portrayed motives to improve
occupational and financial status through bettbs joperating independently of institutional,
environmental, and other contextual factors inatielt life world. Those motives continue
throughout the stream of research as powerful addring reasons for adult participation in
educational programs.

The second movement was related to developinguims&ints to measure the motivational
orientations/attitudes toward participating in adducation. The Education Participation Scale
(Boshier & Collins, 1985), the revised Attitudeswiard Continuing Education Scale (Blunt &
Yang, 2002), and the Deterrents to Participaticaé&s(Scanlan & Darkenwald, 1984) are among
the instruments that sought to uncover the prediggdactors that might be associated with
adult enroliments in a learning program.



A third movement was the development of modelsthadries to illustrate the
decision-making process used by adults to choossahd where to enroll in an educational
program (Cross, 1981; Smart & Pascarella, 1987ddéoare useful in portraying the adult
learner as an information seeker and evaluatorutfipre factors, including impact on family,
job circumstances, role expectations, perceiveefitsnand costs.

The fourth movement describes issues of retentioind&cision-making processes
(Kasworm, Sandmann, & Sissel, 2000; O’'Donnell & Belb, 2007). The literature has
illustrated the importance of institutional supgarecessary to both recruit and retain adult
learners.

A fifth movement is the application of participatibterature to distance education credit
courses. While not very different from the issudsliélearners confront in walled institutions,
unique aspects of learning in a virtual environnaminfluence the decision to participate and
persist (Fjortoft, 1996; Kemp, 2002).

The five movements reflect a continuous intereshenphenomena of adult enrollment
patterns. However, the literature has concentratetthe course level of participation and has not
described patterns related to the decision to kanol commit to a degree program. In addition,
the research has not focused on predicting enralisrees much as it has focused on describing
patterns of enrollment in courses. Our readindnefliterature suggests that the decision to enroll
in a course of study is a complex, multifaceteccpss.

In line with the model-building movement, SteirdaWanstreet (2006) have proposed a
conceptual model from the literature describingfaors adults consider when deciding to
enroll in higher education. The PRiSM model wastiempt to synthesize major findings from
the participation literature. The participatioretéture suggests that models have been built from
data. However, given the body of knowledge thatdwsimulated over the years, we ask how
well our knowledge can be used to predict enroliiménformal adult education programs
requiring a substantial commitment of time, eneeqyd fiscal resources. This study tests a
model against the data. How this model works inattimpirical world with adult students
interested in returning to study in a degree-grangirogram in workforce development and adult
education is the question for this study.

Method and Procedures
This study identified factors adults consider whlegiding to enroll in a degree/licensure
program. The accessible population included 42tsdith e-mail addresses who had inquired
about admission or applied to any of the credantigtrograms offered by the Workforce
Development and Education section at a large Mitevesiniversity between 2003 and 2006. A
guestionnaire developed by the researchers wayisegitmail to the accessible population in
September 2006. Two follow-up questionnaires werd g1 October 2006.

Questionnaire Responses

From an accessible population of 421 workforce tgpraent professionals, 75
guestionnaire responses were received. Participatas on a voluntary basis with no incentives
to motivate completion, which may account for til884dlresponse rate. One questionnaire was
too incomplete to be used. In the case of 13 quasdires with between one and six answers
missing, mean substitution was used. Respondetitgdied 47 females and 28 males. Ages at
the time of the decision to enroll ranged from A&, with a mean age of 37 for women and 35
for men. Forty-nine respondents enrolled in a wanté development credentialing program, of



whom 21 were males and 28 were females. Twentyespondents did not enroll (seven males
and 19 females). Six of the 26 respondents whadicenroll planned to do so at a later time.

Results
Factor Structure

Common factor analysis of 48 self-report enrollmggtision items was conducted to
assess the factor structure underlying the dectsi@mroll. The analysis used a maximum
likelihood extraction method and a promax rotatmletermine which factors were correlated.
The Kaiser-Meyer-Olkin measure of sampling adequeay .724, indicating that the
correlations were adequate for factor analysis @igyGamst, & Guarino, 2006). Similarly,
Bartlett’s test of sphericity was significaq(001), indicating sufficient correlation betweée t
variables to proceed with the analysis (Meyerd.e2806).

Using the Kaiser-Guttman retention criterion ofegigalues greater than 1.0 resulted in
an 11-factor solution that accounted for 76% ofttial variance. However, an examination of
the scree plot indicated that five factors, allneigenvalues greater than 2.0, accounted for 57%
of the total variance with the remaining factors\pding diminishing returns. Therefore, a five-
factor solution was chosen since it provided tleast extraction. Communalities were high for
each of the items, ranging from .656 to .913. Cemhfs coefficient alpha is .93 for Factor 1, .86
for Factor 2, .81 for Factor 3, .64 for Factor Ad¢gl a56 for Factor 5, indicating good subscale
reliability for the first three factors.

Results indicate that the conceptual, literatuneved, four-factor PRiSM model evolved
to an empirical, five-factor PRISM model, with litstional Support emerging as a separate
factor from the conceptual model (see figure 1).
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Figure 1. Empirical model of the factors related to the dexi to enroll in a workforce
development credentialing program.



Predicted Enrollment

The second research question examined how welivirdactor PRISM model predicted
enrollment. Logistic regression with simultaneoogyewas used to predict group membership;
i.e., group enrolled or group not enrolled. Thedp®or variables used in the initial regression
model are the scores for Possibilities for Intellat, Personal, and Career Opportunities;
Institutional Support; Synchronizing Learning arating; the Reflective Learner; and Match
with an Academic Reputation.

Prediction success for the cases used in the matemoderate, with an overall
prediction success rate of 68% and correct prediattes of 86% for WDE professionals who
enrolled in a postsecondary workforce developmeatiamic program and 35% for those who
did not enroll. The Nagelkerke pseuddindicated that the model accounted for 15% oftial
variance in the decision to enroll.

Because the literature suggested that timing ofléwsion is important, a second
analysis was conducted adding Length of Time O@&abfool Before Enrolling (based on the
median score of 6, this variable was coded 0 zygas, 1 = 7+ years). The Nagelkerke pseudo
R? indicated that the model accounted for 22% otdhial variance in the decision to enroll.
Prediction success increased, with an overall ptiedi success rate of 73%. Correct prediction
rates increased to 91% for WDE professionals whiolkexa in a postsecondary workforce
development academic program, while the prediatade for those who did not enroll remained
at 35%.

The odds of estimating correctly which workforceeelepment professionals enroll in
higher education improve by 145% if they have ba®ay from school for seven or more years.
In addition, if workforce development professionaésceive a match with the institution’s
reputation, the odds of estimating enrollment adtyeamprove by 25%. Institutional support
improves the odds of estimating enrollment coryeloyl 5%. Table 7 also shows the regression
coefficients (B), the Wald statistics, significarieeel, and the 95% confidence intervals (CI) for
odds ratios for each predictor.

Discussion

The PRISM-T Model

The PRISM-T model recognizes the decision-makigss in the context of time. With
women in this study having a mean age of 37 andaeean age of 35, time out of school
implies that the participants have experience @irtheld and are ready to take advantage of
learning opportunities that are focused on cardeamcement. Time may also indicate a building
of supportive networks that encourage participaitmng credentialing program in higher
education. While the job-related notion of aduétkirning to school is prevalent in the
participation literature, this study suggests that one of many factors learners may consider. In
addition, middle-aged adult learners have had torsettle child-rearing and other life issues
before making a long-term commitment to a speagdd fand a specific program. In the context
of predicting enrollment in a workforce developmergdentialing program, the present study
identified six variables: time out of school; pdsiies for intellectual, personal, and career
opportunities; institutional support; synchroniziegrning and earning; reflective learner; match
with an academic reputation.



Extending the Conceptual Framework

Adult learning in the United States has a decidautyvidualistic nature. Learning is
often described as increased knowledge and skilloften measured as individual ability to
perform in the organizational (Schied, 2001) andadavorld (Jeria, 2001). This knowledge is
often acquired through formal learning. Howevero#ment in formal learning programs is the
result of an interaction among situational, occiguel, and institutional factors rather than
primarily a desire or need to acquire knowledga asmmodity. We suggest that enroliment in
formal higher education is a decision made on #seshof existing social capital, networks of
community, family, occupational support, and acegieducational capital.

Social capital, according to Niemela (2003), buddsadults cooperate with each other in
the accomplishment of shared goals, use resowa@sdte networks, become engaged with
each other, and take responsibility for the isaffecting their lives and the good of the
community. The degree to which individuals engage and support each other is the degree to
which social capital increases. Social capitaludel the knowledge and networking resources
that reside in and are available for adults totase&rd the common good. Social capital
becomes a resource for continued learning. Thezetbe PRISM-T model illustrates that an
adult’s decision to participate in higher educatioay be influenced by the resources one has
acquired from past educational, occupational, aethssituations and the educational
opportunities can be perceived as the means a®heweaves a network or community behind.
Thus, when making a decision to enroll in higharcadion often the participant needs to
consider what they are “leaving” behind.

Participation in higher education may be seen @&ataning the norms and stability of
one’s local network. This study suggest the likatiti that learners have an image of themselves
as professionals and their professional image amdthat image fits within the institution.
Completion of the program in a reasonable amoutitrad without compromising other personal
obligations is equally important. Within the corntex the decision making process, it is
imperative that the professional consider all & dynamics that affect this decisidrhe
PRISM-T model also suggests that the decision tollen a long-term commitment is a
negotiated activity in which self-interests aredmaied among various other interests, including
the employer, family, friends, and identity as arfeer. Policies directed toward increasing the
number of adult learners in degree programs mustdacount of the complex social
environment in which the adult life is embedded.

To assist adult learners in reflecting on and ligdheir social capital, postsecondary
institutions might: (a) communicate the benefiteofolling in terms of a return to the
community (or family, or business), (b) reinforte tmessage that further education will help
adults cope with technology, (c) help adult leasnarderstand that relationships at work will
change and provide support when the changes caadir(d) show that other learners like them
are in the program and that new supportive netwoaksbe built and social capital can be
acquired through participation in formal educatimrstitutions should help adults work through
these issues in the context of their timing inddelt’s life.

We suggest, therefore, that social capital is emgrgs a sixth movement in the study of
adult participation in postsecondary education.i&@mapital can help us explore how adults
build supportive and restrictive networks concegrnparticipation in long-term credentialing



programs. Our adult lives are embedded in powerfdl overlapping networks. Understanding
how networks influence enrollment decisions maystee interlocking relationships that mold
adult life.
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