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Abstract

Public health responses to the COVID-19 pandemic have been insufficient at keeping the virus
from spreading rapidly and threatening public health around the globe. Not only has society been
challenged by biomedical issues of disease contagion, infection, morbidity, and mortality, but has
also confronted complex cognitive challenges to making sense of this health threat, especially
related to accurately evaluating and responding appropriately to the severity of the pandemic.
Perceived severity is an important cognitive factor associated with public willingness to adopt
needed prevention, protection, and treatment behaviors for responding to serious health risks, like
COVID-19. Information avoidance and uncertainty are important constructs from powerful public
health and communication theories, including the health belief model and Weick’s model of
organizing, that guide this study by describing how information influences responses to health
threats. We used survey data collected from 561 college students to clarify the relationships among
information avoidance, beliefs about unpredictability, and the perceived severity of COVID-19.
We found that higher information avoidance was associated with lower perceived severity, and
that this association depended on people’s unpredictability beliefs. Specifically, for those who had
low assessments about unpredictability, we observed a strong negative association between
information avoidance and perceived severity. Among those who had high perceived
unpredictability levels, we observed a weak negative association between information avoidance
and perceived severity. This study evaluates influences of information avoidance and uncertainty
on perceived severity of COVID-19. The findings can help guide strategies for enhancing public
response to this pandemic and future health threats.
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construct derived from health belief model
(HBM) (Becker, 1974; Champion & Skinner,
2008; Rosenstock, 1974), refers to a person’s

Introduction

COVID-19 is an infectious disease caused

by the novel Severe Acute Respiratory
Syndrome coronavirus 2 (SARS-CoV-2). In
March 2020, the World Health Organization
(WHO) declared the COVID-19 virus as a
global pandemic (World Health
Organization, 2020). The severity of
COVID-19 symptoms can range from very
mild (even no symptom) to severe (even
fatal). Perceived severity, a cognitive

feelings about the seriousness of contracting
a disease. As an important component of risk
perception, perceived severity influences
people’s intention and motivation to adopt
prevention behaviors (Rosenstock, 1974).
Previous literature has also suggested that
people who perceived more severe
consequences from getting COVID-19 were
more likely to engage in protection behaviors
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including maintaining social distance,
wearing facemasks, using hand sanitizer,
washing hands frequently, and receiving the
COVID-19 vaccine (Fragkaki et al., 2021;
Gonzalez-Castro et al., 2021; Jadil & Ouzir,
2021; Ranjit et al., 2021; Wong et al., 2020).
Thus, it is important for people to correctly
understand and estimate the severity of
COVID-19.

Actively seeking and understanding key
information related to COVID-19, such as
disease risks and severity, can help people to
make appropriate decisions about preventive
behaviors (Okan et al., 2022; Stephens et al.,
2020). While people may seek COVID-19
information to obtain knowledge and address
their uncertainties, some may choose to avoid
such information because it may challenge
their beliefs or lead to unpleasant feelings
(e.g., fear, stress, and anxiety). Information
avoidance is defined as “any behavior
intended to prevent or delay the acquisition
of available but potentially unwanted
information” (Sweeny et al., 2010, p. 341).
Previous studies have indicated that people
were less likely to engage in protection
behaviors against COVID-19 if they avoided
receiving relevant health messages (Chen, Li,
et al., 2022; Siebenhaar et al., 2020; Song et
al., 2021).

Uncertainty has been considered as an
initiator and motivator for information-
seeking behavior according to
communication theories. For example,
Weick’s model of organizing (WMO) is a
powerful theoretical perspective that can be
applied to managing complex health
situations  (Kreps, 2009). The model
describes how seeking relevant information
through strategic communication interactions
enables people to effectively make sense of,
respond to, and guide future responses to
highly equivocal (uncertain) problems
(Weick, 1979). The WMO describes three
primary interrelated communication
processes (phases of organizing) that are

needed to respond effectively to complex
information situations that people confront
(such as pandemics): 1. The enactment phase,
where people engage in relevant com-
munication interactions to gather key
information to help them make sense of
complex situations; 2. The selection phase,
where additional communication interactions
are conducted, based upon what was learned
during the enactment phase of organizing, to
help them determine and evaluate the best
available response strategies for responding
to complex situations; and 3. The retention
phase, where still additional communication
interactions are conducted to help them
determine and preserve what was learned
from the enactment and selection phases of
organizing (organizational intelligence) to
help guide future responses to similar
complex situations (Weick, 1979).
Pandemics cause unpredictable public
health problems that challenge effective
public responses. Members of the public need
access to relevant information about the
severity of health threats (during the WMO
enactment phase of organizing) to determine
the best activities for responding to health
threats (during the WMO selection phase of
organizing), and also to guide strategies for
handling similar pandemic situations in the
future (during the WMO retention phase of
organizing) (Kreps, 2009; Weick, 1979).
Information avoidance blocks access to
relevant information needed to respond
effectively to the complexities of the
COVID-19 pandemic, inevitably leading to
increased confusion and serious errors by
violating the principle of requisite variety
that emphasizes the need to develop smart
information-based response strategies that
match the complexities of the problems
addressed (Kreps, 2009, 2021; Weick, 1979).
Uncertainties are rooted in insufficient
knowledge or overloaded information
(Brondani et al., 2021; Huang & Yang,
2020). During the pandemic, people have



experienced different levels of uncertainty
due to the nature of COVID-19—a
completely novel and highly contagious
infectious disease. Moreover, messages that
contained misinformation and disinformation
further compounded the problem of
uncertainty.  (Misinformation is  false
information that is created and spread
regardless of an intent to harm or deceive,
while disinformation is a type of false
information that is intended to be deliberately
deceptive). During the pandemic, people
encountered various messages that included
misinformation and disinformation
originating from different message sources,
including from social media posts, news
stories, and politicians, which led to negative
feelings (e.g., feeling overwhelmed,
confused, upset, and scared) and fostered
distrust in news and health care experts
(Chen, Ariati, et al., 2022). While people are
flooded with a great amount of information
regarding COVID-19, scientific knowledge
about viral mutations, transmission routes,
the effectiveness of COVID-19 vaccination,
treatments, and long-term effects have often
been limited, especially during the beginning
of the pandemic. In addition, uncertainty is
one of the important characteristics of risk
perception (Huang & Yang, 2020). For
example, a survey study conducted in China
found that adolescents with higher COVID-
19 uncertainty were more likely to
overestimate their risk of getting COVID-19
(Q. Li et al., 2021). Previous literature also
suggested that uncertainty mediated the
impact of other HBM constructs (i.e.,
perceived susceptibility, perceived
effectiveness, and perceived barriers) on
whether people engaged in protective
behaviors toward COVID-19 (Wu et al.,
2021).

Although numerous studies have adopted
HBM or other health behavior theories in
predicting  adherence to COVID-19
protection behaviors reporting central HBM

constructs such as perceived benefits,
perceived barriers, and self-efficacy are
significant predictors of preventive behaviors
and intention to receive the vaccine (Mirzaei
et al., 2021; Patwary et al., 2021; Rabin &
Dutra, 2022; Ranjit et al., 2021; Wong et al.,
2021), there is limited published empirical
research to examine the underlying
mechanism among perceived severity,
information avoidance, and uncertainty. As
an extension of both HBM and WMO, it is
important to understand the intertwined
effects of constructs from communication
theories  (uncertainty and information
avoidance) with the construct of HBM
(perceived severity). To help fill the gaps
within the current literature, the purpose of
the present cross-sectional survey study
conducted during the beginning of the
COVID-19 pandemic was (1) to examine the
influence of uncertainty and information
avoidance on the perceived severity of
COVID-19, respectively; and (2) to test the
interaction effect of uncertainty and COVID-
19 information avoidance on perceived
severity by  controlling demographic
characteristics. We  hypothesized that
uncertainty and information would be
negatively  associated with  perceived
severity, respectively. In addition, we
anticipated a  significant  interaction
relationship between these two cognitive
variables.

Methods
Procedures

This current study builds upon a cross-
sectional online survey project designed to
investigate college students’ information-
seeking behaviors during the COVID-19
pandemic (Chen, Li, et al, 2022).
Recruitment and data collection using
Qualtrics were conducted between April and
June 2020. Study recruitment flyers were



distributed to randomly selected university
system student e-mail addresses by the
Oklahoma State University Institute for
Research and Information Management
using a simple random sampling strategy.
The participation criteria included being (a) a
student enrolled at Oklahoma State
University, (b) 18 years or older, (c)
proficient in English, and (d) physically
located in the United States. The first 120
participants received a $5 Amazon electronic
gift card as an incentive. The larger study was
approved by the Oklahoma State University
Institutional Review Board. The sample size
was 561. Detailed recruitment procedures
were reported by Chen, Li et al. (2022).

Measures

Information Avoidance. We examined
information avoidance regarding COVID-19
through eight items on a five-point Likert
scale from “strongly disagree” to “strongly
agree”. These items were adapted from
previous research (Howell & Shepperd,
2016). Example items included “I feel like I
have enough information to know my risk of
getting COVID-19,” and “I would rather not
know about COVID-19.” The scores on our
COVID-19 information avoidance scale
exhibited good internal consistency among
our participants (Cronbach’s alpha = .859).
We calculated the mean score for these eight
items and a higher mean score indicated
higher levels of information avoidance.

Unpredictability. We assessed par-
ticipants’ unpredictability regarding COVID-
19 using four items on a five-point Likert
scale from “strongly disagree” to “strongly
agree.” These items were adapted from a
prior study about a measure of cancer
unpredictability (Hay et al., 2014).
Unpredictability is one dimension underlying
the concept of uncertainty, which relates to
the inability to predict symptoms and illness
outcomes (Kuang & Wilson, 2017). Our

unpredictability measure focused on an
individual’s beliefs in irreducible uncertainty
to predict COVID-19 symptoms and related
outcomes.  Example items included
“Anybody can get COVID-19, no matter
what they do” and “COVID-19 can strike
anyone at any time.” The scores on our
COVID-19 unpredictability scale exhibited
acceptable internal consistency among our
participants (Cronbach’s alpha = .748). We
calculated the mean score for these four items
and a higher mean score indicated more
beliefs in irreducible uncertainties regarding
whether any one person might get COVID-
19.

Perceived Severity. We examined
participants’ perceived severity of getting
infected with COVID-19 using five items on
a five-point Likert scale from “strongly
disagree” to “strongly agree.” These items
were adapted from a previous study about a
measure of illness perception (Moss-Morris
et al., 2002). Example items included “If I
had COVID-19, it would have major
consequences on my life” and “If I had
COVID-19, it would have serious financial
consequences.” The scores on our COVID-
19 perceived severity scale exhibited good
internal consistency among our participants
(Cronbach’s alpha = .806). We calculated the
mean score for these five items and a higher
mean score indicated higher perceived
severity of the COVID-19 pandemic.

Sociodemographic Characteristics.
Sociodemographic characteristics included
age, sex, education level (undergraduate or
graduate) and race/ethnicity  (white,
Hispanic/Latino, black or African American,
American Indian or Alaska Native, Asian,
and other).

Data Analysis
To examine the relationships between

information avoidance, unpredictability, and
perceived severity, we first performed two



separate simple linear regression models
(without covariates). The dependent variable
in both models was perceived severity. The
independent variable in the first model was
information avoidance, and the independent
variable in the second model was
unpredictability. We then investigated the
interaction effect between information
avoidance and unpredictability on perceived
severity. To examine this interaction effect,
we entered information avoidance and
unpredictability as the independent variables,
an interaction term between information
avoidance and  unpredictability, and
perceived severity as the dependent variable
in the third linear regression model. We also
performed multiple linear regressions when
adding sociodemographic variables as the
covariates (i.e., age, sex, race/ethnicity, and
education) into the above three models to
further clarify the relationship between
information avoidance, unpredictability, and
perceived severity relating COVID-19
pandemic. According to a priori analysis via
G*Power 3.1. (Faul et al., 2009), a minimum
sample size of N = 160 is required to achieve
a power of 95% (effect size /= 0.15). Our
sample size for this study is 561, which is
large enough to provide 95% power to detect
a medium effect size with 5 predictors (2
continuous variables and 3 categorical
variables). Multicollinearity was measured
by variance inflation factor (VIF). We used
Stata 16 for data analysis. The significance
level was set at o = 0.05.

Results

Participants’ age ranged from 18 to 65 (M
=24.99, SD = 7.47). Most participants were
female (64%), white (67%), undergraduate
(64%), and between 18 and 24 years old
(61%). Only about 5% of the participants
were aged above 40. Detailed descriptive
information about survey respondents’
sociodemographic characteristics can be

found elsewhere (Chen, Li, et al., 2022). The
possible score ranges of information
avoidance (M = 2.06, SD = 0.73),
unpredictability (M = 3.38, SD = 0.89), and
perceived severity (M = 3.72, SD = 0.91)
were all from 1 to 5.

Unadjusted Models (Without Covariates)

The results of the two simple linear
regressions indicated that lower information
avoidance was associated with higher
perceived severity (b = -0.34, p < .001,
Adjusted R’ = 0.07), and higher
unpredictability was associated with higher
perceived severity of having COVID-19 (b =
0.09, p = .035, Adjusted R’ = 0.01). The
results of our third model (Adjusted R’ =
0.09), where we added the interaction term,
indicated that information avoidance and
unpredictability interacted to predict people’s
COVID-19 perceived severity (interaction
effect b = 0.12, p = .015). Also, in the third
model, the main effect of information
avoidance on perceived severity remained
significant (b =-0.77, p <.001), but the main
effect of unpredictability on perceived
severity became non-significant (b = -0.16,
p =.168).

Adjusted Models (Controlling for Sex,
Age, Race/Ethnicity, and Education)

When holding sex, age, race/ethnicity, and
education constant, our two multiple linear
regressions (Table 1 and Table 2) indicated
that higher information avoidance was still
associated with lower perceived severity (b =
-0.32, p < .001), but unpredictability was
non-significant (b = 0.07, p = .119). As
shown in Table 3, for the interaction effect,
similar to the unadjusted model, the adjusted
model also indicated that information
avoidance and unpredictability interacted to
predict people’s COVID-19 perceived
severity (interaction effect b = 0.15, p =
.003). Regarding multicollinearity, none of



the predictors had a VIF higher than 2.5
which indicated that multicollinearity is not a
significant issue in this dataset (James &
Hatten, 1995).

Our stratified follow-up test indicated that
unpredictability negatively moderated the
association between information avoidance
and perceived severity (Figure 1).
Specifically, among those who had low
unpredictability (one standard deviation
below the mean), we observed the strongest
negative association between information

Table 1

avoidance and perceived severity (b = -0.47,
p < .001). Among those who had high
unpredictability (one standard deviation
above the mean), we observed the weakest
negative association between information
avoidance and perceived severity (b = -0.21,
p = .001). Among those who had average
unpredictability  (mean), the negative
association between information avoidance
and perceived severity was in the middle (b =
-0.34, p <.001).

Perceived Severity, Information Avoidance, and Sociodemographic Characteristics

Predictors b SE 95% CI p
Information avoidance -0.32  0.05 [-0.42,-0.22] <.001**
Age 0.02 0.01 [0.00, 0.03] .005*
Sex: female 0.22 0.08 [0.07,0.37] .005*
Education: graduate -0.24  0.09 [-0.41, -0.07] .006%*
Race/ethnicity: Hispanic/Latino 0.33 0.13 [0.07, 0.60] 013*
African American 0.32 0.15 [0.02, 0.63] .035*
American Indian or Alaska Native 0.14 0.16 [-0.16, 0.45] 367
Asian 0.51 0.13 [0.26,0.76] <.001**
Other 0.27 0.22 [-0.17,0.70] 228

Model Adjusted R =0.13

Note. SE = standard error; CI = confidence interval; *p < 0.05, **p < 0.001.

Table 2

Perceived Severity, Unpredictability, and Sociodemographic Characteristics

Predictors b SE 95% CI p
Unpredictability 0.07 0.04 [-0.02, 0.15] 119
Age 0.02 0.01 [0.01, 0.03] .001*
Sex: female 026  0.08 [0.11,0.42] .001*
Education: graduate -0.20  0.09 [-0.37,-0.02] .028*
Race/ethnicity: Hispanic/Latino 0.33 0.14 [0.05, 0.60] .020*
African American 0.31 0.16 [-0.01, 0.62] .055
American Indian or Alaska Native 0.16 0.16 [-0.16, 0.47] 333
Asian 0.53 0.13 [0.23,0.78] <.001**
Other 0.17 0.23 [-0.27, 0.62] 450

Model Adjusted R* = 0.07

Note. SE = standard error; CI = confidence interval; *p < 0.05, **p < 0.001.



Table 3

Interaction Effect Between Information Avoidance and Unpredictability on Perceived Severity

Predictors b SE 95% CI p
Information avoidance -0.83  0.18 [-1.18,-0.49] <.001**
Unpredictability -0.24  0.11 [-0.47,-0.02] .034%*
Information avoidance X Unpredictability 0.15 0.05 [0.05,0.24] .003*
Age 0.02  0.01 [0.01, 0.03] .003*
Sex: female 0.22 0.08 [0.07,0.37] .005*
Education: graduate -0.25 0.09 [-0.42,-0.08] .004*
Race/ethnicity: Hispanic/Latino 0.33 0.13 [0.07,0.59] .014*
African American 0.32 0.15 [0.02,0.62] .035%
American Indian or Alaska Native 0.16 0.15 [-0.15,0.46] 310
Asian 0.50 0.13 [0.25,0.75] <.001**
Other 0.25 022 [-0.18, 0.68] 250
Model Adjusted R’ =0.15
Note. SE = standard error; CI = confidence interval; *p < 0.05, **p < 0.001.
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Figure 1. Unpredictability moderated the association between information avoidance and

perceived severity.



Discussion

Our results indicate that people who opted
not to learn about COVID-19 when given the
choice had lower COVID-19 perceived
severity. This finding is consistent with a
previous study reporting that individuals who
were more likely to actively seek out
COVID-19 information were those with
higher perceived severity (Huang & Yang,
2020). A prior study also found that people
with  higher COVID-19 information
avoidance believed that they had a lower
chance of infection (perceived
susceptibility), were less worried about
becoming infected, and had lower health
literacy levels (Chen, Li, et al., 2022).
Refusing to actively seek COVID-19 health
information leads to minimum acquisition of
relevant information about that health topic
and a lack of knowledge about the virus
(Chen, Li, et al., 2022; Lachlan et al., 2021).
Such knowledge deficits might contribute to
their underestimated perceived severity.
Research shows that individuals with higher
information avoidance were less likely to
engage in preventive behaviors (Emanuel et
al., 2015). People with lower perceived
severity (Fragkaki et al., 2021) and lower
health literacy (Hong et al., 2021; S. Li et al.,
2021; Patil et al., 2021) were also less likely
to engage in preventive behaviors against
COVID-19. Therefore, there is a critical need
to improve knowledge and promote
preventive behaviors among individuals with
high COVID-19 information avoidance
because they tend to have low perceived
threat and limited health literacy skills.

Another interesting finding was that
people who believe more in irreducible
uncertainties regarding whether any one
person might get COVID-19 had higher
perceived severity. Literature also suggests
that uncertainty arises from perceived
severity (So, 2013). However, when we hold
sex, age, race/ethnicity, and education
constant rendered this relationship non-

significant. Our results indicate that among
university students, being older, being female
compared to male, being an undergraduate
student compared to graduate student, and
being Hispanic/Latino or Asian compared to
white were associated with higher perceived
severity of COVID-19. Researchers also
found that during the Middle East
Respiratory Syndrome Coronavirus (MERS-
CoV) outbreak in South Korea in 2015, older
college students and female students held
higher levels of perceived severity compared
to younger and male students (Yang & Cho,
2017).

We also found that the degree of negative
association between information avoidance
and perceived severity depended on people’s
levels of unpredictability (i.e., beliefs in
irreducible uncertainties regarding whether
any one person might get COVID-19). We
determined that students who had low levels
of unpredictability and high levels of
information avoidance tended to report low
perceived severity, which might lead to poor
compliance with COVID-19 public health
guidelines. The literature suggests that illness
uncertainty may be appraised as either
desirable or undesirable. Students with low
unpredictability and high information
avoidance might see unpredictability as
undesirable because unpredictability is
closely associated with feelings of anxiety,
helplessness, and depression (Lazarus &
Folkman, 1984); as a result, they might use
information avoidance as a coping strategy to
reduce their unpredictability and perceived
severity (Kuang & Wilson, 2017).

Limitations

No causal relationship can be drawn from
our findings because we used a cross-
sectional research design. Due to the dynamic
nature of the COVID-19 pandemic, students’
knowledge, beliefs, and behaviors may have
naturally evolved during the study period.



Future studies can build upon this research by
applying a repeated measure design to
capture people’s change in risk perceptions
and information-seeking behaviors during
different times of health crises. Also, our
findings may not generalize well to a larger
population because our participants were
recruited from a single university. Future
research might build upon this study by
examining other populations such as elderly
people and people who did not receive
college education.

Conclusions

Our study contributes to the literature by
clarifying the effects of information
avoidance and uncertainty on perceived
severity during the COVID-19 pandemic. We
conclude that people with higher levels of
information avoidance tend to have lower
perceived severity, and that this negative
association is stronger among people with
low uncertainty compared to those with high
uncertainty. Our study raises concern that
people with higher information avoidance,
especially among those with low uncertainty,
might underestimate the severity of the virus
and thus may be less motivated to perform
preventive behaviors against COVID-19.

Implications Health Behavior Theory

The findings from this study suggest that
the health belief model (HBM) could be
expanded for enlightened preventive health
care practice and research by adding other
constructs reflecting three stages that a
person moves through in assessing serious
health threats: threat assessment, action
assessment, and outcome assessment (Burns,
1992). Information  avoidance and
uncertainty are two key components of
potential confluence between these three
types of assessment. To promote COVID-19
preventive behaviors among those with high

information avoidance, researchers and
practitioners could develop interventions
improving provision of coping resources
(e.g., addressing social support and a sense of
community belonging) because research
shows that people are more likely to avoid
information if they perceive limited coping
resources (Carver et al., 1989; Sweeny et al.,
2010). Further, literature documents that
exposure to misinformation related to
COVID-19 and low health literacy skills lead
to greater information avoidance (Chen, Li,
et al., 2022; Kim et al., 2020). Therefore, it is
essential to provide health literacy training to
enhance people’s ability to evaluate the
quality of health information and identify
COVID-19 misinformation. Also, dis-
seminating high-quality COVID-19
information using simple and easy-to-
understand language might be another
effective strategy to reduce information
avoidance among individuals with lower
levels of health literacy. Researchers could
also clarify the effects of uncertainty on
information avoidance in future studies
because the associations between uncertainty
and information avoidance vary depending
on how the uncertainty construct has been
conceptualized (Kuang & Wilson, 2017).
The findings from this study also align
well with Weick’s model of organizing
(WMO) by showing how the respondents
who avoided seeking COVID-19 health
information were likely to misunderstand and
respond inappropriately to the severity of the
pandemic. This illustrates the failure to
accurately interpret the equivocality of the
pandemic and to gather relevant health
information for guiding their responses to the
pandemic, in essence violating the principle
of requisite variety (Kreps, 2009, 2021;
Weick, 1979). This finding suggests the need
to develop and implement interactive and
accessible public health communication
programs to actively and effectively
disseminate the best available actionable



health information about the pandemic to key
public audiences. This finding also suggests
the need in future research to not only
examine health information avoidance and
seeking about pandemic severity (during the
WMO enactment phase of organizing), but
also to study information avoidance and
information seeking about the best ways to
respond to the pandemic for prevention and
protection (during the WMO selection phase
of organizing). It would also be important in
future research to track how information
gathered about the pandemic during the
enactment and selection phases of organizing
was used to guide planning for future
responses to similar pandemics (during the
WMO retention phase of organizing). This
research highlights the importance of active
and effective information seeking during
serious pandemics, like the COVID-19
pandemic, to guide the best available
organized responses to reduce pandemic
contagion, morbidity, and mortality (Kreps,
2021).

In terms of  sociodemographic
characteristics, on one hand, our findings
indicated that health professionals should
develop tailored messages about COVID-19
for male, younger, and graduate college
students to improve their preventive
behaviors through increasing their perceived
severity of the pandemic. On the other hand,
perceived severity of COVID-19 is positively
related to mental health problems among
college students (Saleem et al., 2021; Yang &
Cho, 2017); therefore, we should also
develop and implement interventions to
reduce COVID-19 stress and anxiety caused
by overestimating perceived severity among
female, undergraduate, older (non-
traditional), and racial/ethnic minority
college students. Future applications of this
research program should focus on studying
other relevant populations, especially those
who are at high risk of contagion, morbidity,
and death from the COVID-19 pandemic.

Discussion Questions

1. Health behavior theories can be used
alongside many communication theories.
Describe how you could use a health
behavior theory with another
communication theory to promote
health?

2. Why is health information so important
during complex and serious pandemics,
like during the COVID-19 pandemic?
Describe how relevant pandemic
information could be effectively
disseminated to key public audiences?

Acknowledgments

This work was supported by the internal
research support program managed by the
Faculty  Development and  Research
Committee in the School of Community
Health Sciences, Counseling and Counseling
Psychology at Oklahoma State University.
The authors have no conflicts of interest to
declare.

References

Becker, M. H. (1974). The health belief
model and sick role behavior. Health
Education Monographs, 2(4), 409-419.
https://doi.org/10.1177/10901981740020
0407

Brondani, M., Almeida, F., Cua, D,
Maragha, T., Mathu-Muju, K., Shayanfar,
M., von Bergmann, H., & Donnelly, L.
(2021). Uncertainties around COVID-19
from the perspectives of oral health care
workers during the first wave of SARS-
CoV-2 infections in British Columbia,
Canada. PLoS One, 16(4), €0249186.
https://doi.org/10.1371/journal.pone.0249
186



https://doi.org/10.1177%2F109019817400200407
https://doi.org/10.1177%2F109019817400200407
https://doi.org/10.1371/journal.pone.0249186
https://doi.org/10.1371/journal.pone.0249186

Burns, A. C. (1992). The expanded health
belief model as a basis for enlightened
preventive health care practice and
research. Journal of Health Care
Marketing, 12(3), 32-45.

Carver, C. S., Scheier, M. F., & Weintraub, J.
K. (1989). Assessing coping strategies: A
theoretically based approach. Journal of
Personality and Social Psychology, 56(2),
267-283.  https://doi.org/10.1037/0022-
3514.56.2.267

Champion, V. L., & Skinner, C. S. (2008).
The health belief model. In K. Glanz, B. 1.
Rimer, & K. Viswanath (Eds.), Health
behavior and health education: Theory,
research, and practice (4™ ed.). (pp. 45-
65). Jossey-Bass.

Chen, X., Ariati, J., McMaughan, D. J., Han,
H., Hubach, R. D., & Miller, B. M. (2022).
COVID-19 information-seeking
behaviors and preventive behaviors
among college students in Oklahoma.
Journal of American College Health, 1-9.
https://doi.org/10.1080/07448481.2022.2
090842

Chen, X., Li, M., & Kreps, G. L. (2022).
Double burden of COVID-19 knowledge
deficit: Low health literacy and high
information avoidance. BMC Research
Notes, 15(1), 1-7.
https://doi.org/10.1186/s13104-022-
05913-8

Emanuel, A. S., Kiviniemi, M. T., Howell, J.
L., Hay, J. L., Waters, E. A., Orom, H., &
Shepperd, J. A. (2015). Avoiding cancer
risk information. Social Science &
Medicine, 147, 113-120.
https://doi.org/10.1016/j.socscimed.2015.
10.058

Faul, F., Erdfelder, E., Buchner, A., & Lang,

A.-G. (2009). Statistical power analyses
using G*Power 3.1: Tests for correlation
and regression analyses. Behavior
Research Methods, 41(4), 1149-1160.
https://doi.org/doi:10.3758 BRM.41.4.11
49

Frag(aki, I., Maciejewski, D. F., Weijman, E.

L., Feltes, J., & Cima, M. (2021). Human
responses to COVID-19: the role of
optimism bias, perceived severity, and
anxiety. Personality and Individual
Differences, 176, 110781.
https://doi.org/10.1016/j.paid.2021.11078
1

Gonzalez-Castro, J. L., Ubillos-Landa, S.,

Puente-Martinez, A., & Gracia-Leiva, M.
(2021). Perceived vulnerability and
severity predict adherence to COVID-19
protection measures: The mediating role
of instrumental coping. Frontiers in
Psychology, 12, Article 674032.
https://doi.org/10.3389/fpsye.2021.67403
2

Hay, J. L., Baser, R., Weinstein, N. D., L1, Y.,

Primavera, L., & Kemeny, M. M. (2014).
Examining intuitive risk perceptions for
cancer in diverse populations. Health,
Risk & Society, 16(3), 227-242.
https://doi.org/10.1080/13698575.2014.9
11822

Hong, K. J., Park, N. L., Heo, S. Y., Jung, S.

H., Lee, Y. B., & Hwang, J. H. (2021).
Effect of e-health literacy on COVID-19
Infection-preventive behaviors of
undergraduate students majoring in
healthcare. Healthcare, 9(5), 573.
https://doi.org/10.3390/healthcare905057
3

Howell, J. L., & Shepperd, J. A. (2016).

Establishing an Information Avoidance


https://doi.org/10.1037/0022-3514.56.2.267
https://doi.org/10.1037/0022-3514.56.2.267
https://doi.org/10.1080/07448481.2022.2090842
https://doi.org/10.1080/07448481.2022.2090842
https://doi.org/10.1186/s13104-022-05913-8
https://doi.org/10.1186/s13104-022-05913-8
https://doi.org/10.1016/j.socscimed.2015.10.058
https://doi.org/10.1016/j.socscimed.2015.10.058
https://doi.org/doi:10.3758/BRM.41.4.1149
https://doi.org/doi:10.3758/BRM.41.4.1149
https://doi.org/10.1016/j.paid.2021.110781
https://doi.org/10.1016/j.paid.2021.110781
https://doi.org/10.3389/fpsyg.2021.674032
https://doi.org/10.3389/fpsyg.2021.674032
https://doi.org/10.1080/13698575.2014.911822
https://doi.org/10.1080/13698575.2014.911822
https://doi.org/10.3390/healthcare9050573
https://doi.org/10.3390/healthcare9050573

Scale. Psychological Assessment, 28(12),
1695-1708.
https://doi.org/10.1037/pas0000315

Huang, Y., & Yang, C. (2020). A
metacognitive approach to reconsidering
risk  perceptions and  uncertainty:
Understand information seeking during
COVID-19. Science Communication,
42(5), 616-642.
https://doi.org/10.1177/10755470209598
18

Jadil, Y., & Ouzir, M. (2021). Exploring the
predictors of health-protective behavior
during the COVID-19 pandemic: A multi-
country  comparison.  Environmental
Research, 199, Article 111376.
https://doi.org/10.1016/j.envres.2021.111
376

James, W. L., & Hatten, K. J. (1995). Further
evidence on the validity of the self typing
paragraph approach: Miles and Snow
strategic archetypes in banking. Strategic
Management Journal, 16(2), 161-168.
https://doi.org/10.1002/smj.4250160206

Kim, H. K., Ahn, J., Atkinson, L., & Kahlor,
L. A. (2020). Effects of COVID-19
misinformation on information seeking,
avoidance, and processing: A
multicountry comparative study. Science
Communication, 42(5), 586-615.
https://doi.org/10.1177/10755470209596
70

Kreps, G. L. (2009). Applying Weick's model
of organizing to health care and health
promotion: Highlighting the central role
of health communication. Patient
Education and Counseling, 74(3), 347-
355.
https://doi.org/10.1016/1.pec.2008.12.002

Kreps, G. L. (2021). The role of strategic

communication to respond effectively to
pandemics. Journal of Multicultural
Discourses, 16(1), 12-19.
https://doi.org/10.1080/17447143.2021.1
885417

Kuang, K., & Wilson, S. R. (2017). A meta-

analysis of uncertainty and information
management in illness contexts. Journal
of Communication, 67(3), 378-401.
https://doi.org/10.1111/jcom.12299

Lachlan, K. A., Hutter, E., Gilbert, C., &

Spence, P. R. (2021). From what I've
heard, this is bad: An examination of
Americans' source preferences and
information seeking during the COVID-
19 pandemic. Progress in Disaster
Science, 9, Article 100145.
https://doi.org/10.1016/].pdisas.2021.100
145

Lazarus, R. S., & Folkman, S. (1984). Stress,

appraisal, and coping. Springer.

Li, Q., Luo, R., Zhang, X., Meng, G., Dai, B.,

& Liu, X. (2021). Intolerance of COVID-
19-related uncertainty and negative
emotions among Chinese adolescents: A
moderated mediation model of risk
perception, social  exclusion, and
perceived efficacy. International Journal
of Environmental Research and Public
Health, 18(6), Article 2864.
https://doi.org/10.3390/ijerph18062864

Li, S., Cui, G., Kaminga, A. C., Cheng, S., &

Xu, H. (2021). Associations between
health literacy, ehealth literacy, and
COVID-19-related health  behaviors
among Chinese college students: Cross-
sectional online study. Journal of Medical
Internet Research, 23(5), €25600.

https://doi.org/doi:10.2196/25600



https://doi.org/10.1037/pas0000315
https://doi.org/10.1177/1075547020959818
https://doi.org/10.1177/1075547020959818
https://doi.org/10.1016/j.envres.2021.111376
https://doi.org/10.1016/j.envres.2021.111376
https://doi.org/10.1002/smj.4250160206
https://doi.org/10.1177/1075547020959670
https://doi.org/10.1177/1075547020959670
https://doi.org/10.1016/j.pec.2008.12.002
https://doi.org/10.1080/17447143.2021.1885417
https://doi.org/10.1080/17447143.2021.1885417
https://doi.org/10.1111/jcom.12299
https://doi.org/10.1016/j.pdisas.2021.100145
https://doi.org/10.1016/j.pdisas.2021.100145
https://doi.org/10.3390/ijerph18062864
https://doi.org/doi:10.2196/25600

Mirzaei, A., Kazembeigi, F., Kakaei, H.,
Jalilian, M., Mazloomi, S., & Nourmoradi,
H. (2021). Application of health belief
model to predict COVID-19-preventive
behaviors among a sample of Iranian adult
population. Journal of Education and
Health Promotion, 10, Article 69.
https://doi.org/10.4103/jehp.jehp 747 20

Moss-Morris, R., Weinman, J., Petrie, K.,
Horne, R., Cameron, L., & Buick, D.
(2002). The Revised Illness Perception
Questionnaire (IPQ-R). Psychology &
Health, 17(1), 1-16.
https://doi.org/10.1080/08870440290001
494

Okan, O., Messer, M., Levin-Zamir, D.,
Paakkari, L., & Serensen, K. (2022).
Health literacy as a social vaccine in the
COVID-19 pandemic. Health Promotion
International, Article daab197, 1-9.
https://doi.org/10.1093/heapro/daab197

Patil, U., Kostareva, U., Hadley, M.,
Manganello, J. A., Okan, O,
Dadaczynski, K., Massey, P. M., Agner,
J., & Sentell, T. (2021). Health literacy,
digital health literacy, and COVID-19
pandemic attitudes and behaviors in U.S.
college students: Implications for
interventions. [International Journal of
Environmental Research and Public
Health, 18(6), Article 3301.
https://doi.org/10.3390/ijerph 18063301

Patwary, M. M., Bardhan, M., Disha, A. S.,
Hasan, M., Haque, M. Z., Sultana, R.,
Hossain, M. R., Browning, M. H. E. M.,
Alam, M. A., & Sallam, M. (2021).
Determinants of COVID-19 vaccine
acceptance among the adult population of
Bangladesh using the health belief model
and the theory of planned behavior model.
Vaccines, 9(12), Article 1393.
https://doi.org/10.3390/vaccines9121393

Rabin, C., & Dutra, S. (2022). Predicting
engagement in behaviors to reduce the
spread of COVID-19: The roles of the
health belief model and political party
affiliation.  Psychology,  Health &
Medicine, 27(2), 379-388.
https://doi.org/10.1080/13548506.2021.1
921229

Ranjit, Y. S., Shin, H., First, J. M., &
Houston, J. B. (2021). COVID-19
protective model: The role of threat
perceptions and informational cues in
influencing behavior. Journal of Risk
Research, 24(3-4), 449-465.
https://doi.org/10.1080/13669877.2021.1
887328

Rosenstock, 1. M. (1974). Historical origins
of the health belief model. Health
Education Monographs, 2(4), 328-335.
https://doi.org/10.1177/10901981740020
0403

Saleem, M., Bakar, A., Durrani, A. K., &
Manzoor, Z. (2021). Impact of perceived
severity of COVID-19 (SARS-COV-2) on
mental health of university students of
Pakistan: The mediating role of Muslim
religiosity. Frontiers in Psychiatry, 12,
Article 560059.
https://doi.org/10.3389/fpsyt.2021.56005
9

Siebenhaar, K. U., Kéther, A. K., & Alpers,
G. W. (2020). Dealing with the COVID-
19 infodemic: Distress by information,
information avoidance, and compliance
with preventive measures. Frontiers in
Psychology, 11, Article 567905.
https://doi.org/10.3389/fpsyg.2020.56790
5

So, J. (2013). A further extension of the
extended parallel process model (E-
EPPM): Implications of cognitive


https://doi.org/10.4103/jehp.jehp_747_20
https://doi.org/10.1080/08870440290001494
https://doi.org/10.1080/08870440290001494
https://doi.org/10.1093/heapro/daab197
https://doi.org/10.3390/ijerph18063301
https://doi.org/10.3390/vaccines9121393
https://doi.org/10.1080/13548506.2021.1921229
https://doi.org/10.1080/13548506.2021.1921229
https://doi.org/10.1080/13669877.2021.1887328
https://doi.org/10.1080/13669877.2021.1887328
https://doi.org/10.1177/109019817400200403
https://doi.org/10.1177/109019817400200403
https://doi.org/10.3389/fpsyt.2021.560059
https://doi.org/10.3389/fpsyt.2021.560059
https://doi.org/10.3389/fpsyg.2020.567905
https://doi.org/10.3389/fpsyg.2020.567905

appraisal theory of emotion and
dispositional ~ coping style. Health
Communication, 28(1), 72-83.
https://doi.org/10.1080/10410236.2012.7
08633

Song, S., Yao, X., & Wen, N. (2021). What

motivates Chinese consumers to avoid
information about the COVID-19
pandemic?: The perspective of the
stimulus-organism-response model.
Information Processing & Management,
58(1), Article 102407.
https://doi.org/10.1016/].ipm.2020.10240
7

Stephens, K. K., Jahn, J. L., Fox, S.,

Charoensap-Kelly, P., Mitra, R., Sutton,
J., Waters, E. D., Xie, B., & Meisenbach,
R. J. (2020). Collective sensemaking
around COVID-19: Experiences,
concerns, and agendas for our rapidly
changing organizational lives.
Management Communication Quarterly,
34(3), 426-457.
https://doi.org/10.1177/08933189209348
90

Sweeny, K., Melnyk, D., Miller, W., &

Shepperd, J. A. (2010). Information
avoidance: Who, what, when, and why.
Review of General Psychology, 14(4),
340-353.
https://doi.org/10.1037/a0021288

and willingness to pay. Human Vaccines
& Immunotherapeutics, 16(9), 2204-
2214.
https://doi.org/10.1080/21645515.2020.1
790279

Wong, M. C. S., Wong, E. L. Y., Huang, J.,

Cheung, A. W. L., Law, K., Chong, M. K.
C.,Ng, R. W. Y, Lai, C. K. C., Boon, S.
S., Lau, J. T. F., Chen, Z., & Chan, P. K.
S. (2021). Acceptance of the COVID-19
vaccine based on the health belief model:
A population-based survey in Hong Kong.
Vaccine, 39(7), 1148-1156.
https://doi.org/10.1016/j.vaccine.2020.12.
083

World Health Organization. (2020). WHO

announces COVID-19  outbreak a
pandemic.
https://www.euro.who.int/en/health-
topics/health-emergencies/coronavirus-
covid-19/news/news/2020/3/who-
announces-covid-19-outbreak-a-

pandemic

Wu, D., Rockett, I. R. H., Yang, T., Yang, X.

Y., Wang, M., & lJiao, C. (2021).
Perceived beliefs, uncertainty, and
behavioral responses during the COVID-
19 outbreak in China: Findings from a
convenience sample. American Journal of
Health Promotion, 35(7), 977-983.
https://doi.org/10.1177/08901171211004
249

Weick, K. E. (1979). The social psychology
of organizing. Addison-Wesley. Yang, S., & Cho, S.-1. (2017). Middle East
respiratory syndrome risk perception

Wong, L. P., Alias, H., Wong, P.-F., Lee, H. among students at a university in South
Y., & AbuBakar, S. (2020). The use of the Korea, 2015. American Journal of
health belief model to assess predictors of Infection Control, 45(6), €53-¢60.

intent to receive the COVID-19 vaccine https://doi.org/10.1016/j.ajic.2017.02.013



https://doi.org/10.1080/10410236.2012.708633
https://doi.org/10.1080/10410236.2012.708633
https://doi.org/10.1016/j.ipm.2020.102407
https://doi.org/10.1016/j.ipm.2020.102407
https://doi.org/10.1177/0893318920934890
https://doi.org/10.1177/0893318920934890
https://doi.org/10.1037/a0021288
https://doi.org/10.1080/21645515.2020.1790279
https://doi.org/10.1080/21645515.2020.1790279
https://doi.org/10.1016/j.vaccine.2020.12.083
https://doi.org/10.1016/j.vaccine.2020.12.083
https://www.euro.who.int/en/health-topics/health-emergencies/coronavirus-covid-19/news/news/2020/3/who-announces-covid-19-outbreak-a-pandemic
https://www.euro.who.int/en/health-topics/health-emergencies/coronavirus-covid-19/news/news/2020/3/who-announces-covid-19-outbreak-a-pandemic
https://www.euro.who.int/en/health-topics/health-emergencies/coronavirus-covid-19/news/news/2020/3/who-announces-covid-19-outbreak-a-pandemic
https://www.euro.who.int/en/health-topics/health-emergencies/coronavirus-covid-19/news/news/2020/3/who-announces-covid-19-outbreak-a-pandemic
https://www.euro.who.int/en/health-topics/health-emergencies/coronavirus-covid-19/news/news/2020/3/who-announces-covid-19-outbreak-a-pandemic
https://doi.org/10.1177/08901171211004249
https://doi.org/10.1177/08901171211004249
https://doi.org/10.1016/j.ajic.2017.02.013

